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Forecasting the Demand of Railroad Traffic using Neural Network

Shin, Young-Geun Jung, Won-Gyo Park, Sang-Sung Jang, Dong-Sik

ABSTRACT
Demand forecasting for railroad traffic is fairly important to establish future policy and plan. The future
demand of railroad traffic can be predicted by analyzing the demand of air, marine and bus traffic which
influence the demand of railroad traffic. In this study, forecasting the demand of railroad traffic is
implemented through neural network using the demand of air, marine and bus traffic. Estimate accuracy of

the demand of railroad traffic was shown about 84% through neural net model proposed.
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