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Research
Group A

1597.866 | 1686.334 | 125.5074 | 154.9082 | 1472.358 | 1531.426 | 1522.416

Research

642.7346 | 641.1411 | 68.6306 | 142.7207 | 574.1039 | 498.4204 | 605.5098

Group B

Research
Group C

1258544 | 1113.168 | 117.6433 | 98.3927 | 1140.911 | 1014.776 | 1189.647

Averaged

1166.385 | 1146.881 | 103.9271 | 132.0072 | 1062.458 | 1014.874 | 1105.857

centroid

Final

centroid

Research
Group A

122197 | 1194.27 | 103.641 | 133294 | 1118.32 | 1060.97 | 1162.92

1178.88 | 8743.522 | 129.8076 | 160.5319 | 11049.07 | 8582.99 | 11132.37

Research

3677.535 | 2489.578 | 75.0644 | 171.0307 | 6302.47 | 2318.547 | 3660.108

Group B

Research
Group C

10799.72 | 8389.727 | 129.0404 | 106.001 | 10670.68 | 8283.726 | 10599.97

Averaged

8552.042 | 6540.942 | 111.3041 | 145.8545 | 8440.738 | 6395.088 | 8464.15

centroid

Final

centroid

10181 | 7352.93 | 121.441 | 140.915 | 10059.6 | 7212.02 | 10080.5

Table 1 : Centroids of attributes in Scenario 2
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