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ABSTRACT

In the step processing multimedia information signals transmitted by a variety of mediums, noises are
generated by the internal or exterior causes of systems and these noises degrade the perception about
information signals. Therefore, in order to remove noises and restore signals a great number of researches
have been progressed and recently, many noise removal methods using time-frequency localization of
wavelet have been applied in wide applications. Moreover, when two wavelet bases are designed to
accomplish the Hilbert transform pair, wavelet can be efficiently applied to detect characteristics of signals.
Therefore, in this paper, in order to restore the corrupted signal by noises, a noise removal algorithm using
the Hilbert transform pair of wavelet was proposed.
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Fig. 1. Decomposition process.
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Fig. 2. Denoising results.
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Fig. 3. SNR of reconstructed signal.
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