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Abstract

Face is considered to be one of the biometrics in person identification. But Face recognition is a high dimensional pattern
recognition problem. Even low-resolution face images generate huge dimensional feature space.

The aim of this paper is to present a fast feature extraction method for real time human face recognition. first, It
compute eigen-vector and eigen-value by Principle component analysis on inputed human face image, and propose method
of feature extraction that make feature vector by apply gabor filter to computed eigen-vector. And it compute feature value
which multiply by made eigen-value. This study simulations performed using the ORL Database.
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