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ABSTRACT

Due to the development and wide use of digital multimedia broadcasting (DMB) and Wireless Broadband
Internet (WiBro), the digital contents industry using images has been progressed. Therefore, the image
processing has been applied in a variety of fields and in order to transmit and conserve accurate
information, the degradation phenomenon for images should be removed. As a representative cause of the
degradation phenomenon, noise has become known and Gaussian noise occurs in the process of transmission.
Diverse researches for Gaussian noise removal have been implemented and a great number of algorithms
have been proposed until now. In this paper, for image restoration an algorithm using the adaptive threshold
value is proposed in Gaussian noise environment and the threshold value is established by using the
histogram of edge image. And from simulation results, the noise removal performance of the proposed
method is proven using mean square error (MSE) and peak signal to noise ratio (PSNR).
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Fig. 1. Filtering mask.
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Fig. 2. Result images and difference images after processing.

Table 1. MSE comparison by each method

Variance Mean | Linear | TPWM | Proposed
filter |technique| filter | method
10 68.32 216.46 82.39 4144
20 71.22 22465 | 114.14 49.10
30 74.01 228.52 | 136.69 55.88
40 76.37 231.07 154.29 60.77
50 79.86 233.00 |170.73 66.60
60 81.91 234.69 | 183.28 70.78
70 84.03 235.76 | 191.42 74.46
80 87.04 237.09 | 198.97 78.96
90 88.46 23851 |205.12 81.73
100 90.98 238.66 | 210.31 84.98
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Fig. 3. PSNR comparison by each method.
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