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Design of Self Recurrent Neuro—Fuzzy Controller
for Stabilization of Nonlinear System
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Abstract

In this paper, applications of self recurrent neuro-fuzzy controller to stabilization of
nonlinear system are considered. The architecture of self recurrent neuro-fuzzy controller is
six layer, and the hidden layer is comprised of self recurrent architecture. Also, generalized
dynamic error-backpropagation algorithm is used for the learning of the self recurrent
neuro -fuzzy controller. To demonstrate the efficiency of the self recurrent neuro-fuzzy control
algonithm presented in this study, a self recurrent neuro-fuzzy controller was designed and

then a comparative analysis was made with LQR controller through an simulation.
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