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An Emotion Recognition and Expression Method using Facial
Image and Speech Signal
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Parameter Value
Input Units 5
Hidden Units 12
Output Units 2
Learning Rate 0.003
Tolerance 0.25
Sigmoid Function 1/1+e 4
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Emotion

Expression Patter

(0)0.001813 (0)0.017775

(00.063257 (1)0.917163

(1)0.981922 (1)0.999878

(0)0.069832 (1)0.955858
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