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Classification of Hyperspectral Images based on
Gravity type Model
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Abstract

Hyperspectral remote sensing data contain plenty of information about objects, which makes object classification
more precise. Over the past several years, different algorithms for the classification of hyperspectral remote
sensing images have been developed. In this study, we proposed method based on absorption band extraction
and Gravity type model to solve hyperspectral image classification problem. In contrast to conventional methods
that are based on correlation techniques, this method is simple and more effective. The proposed approach was
tested to evaluate its effectiveness. The evaluation was done by comparing the results of preexiting
SFF(Spectral Feature Fitting) classification method. The evaluation results showed the proposed approach has a
good potential in the classification of hyperspectral images.
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2.2.2 Band Selelction
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