20079 M® 2 MO S=CHSI(CICS' 07)

=X
gy =]

2R FAIAL Q2= ol ot U JiH Ro =&

2HE emaA' 0142 &t
Do0stn BUEE 2
nstn e

&2, 2|’
ES RV EREP D EN
8 gaosinA

Object based contour detection by using Graph-cut on Stereo Images
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