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Heo)EE o]&3dd Hristgoh. OESY #4 W= 200-800 nm
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Parameters Range Unit
CHF; %% 20—80 sccm
CFy % 10—40 sccm
RF A ¢ 300-800 W
Elg= 50~-200 Torr
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BPNN®} #tpolE ths] sraedxrl #efstn glad, o5& =
29 & dEAd5d 43T Gdg& v gEdAde e

34 % (Training Tolerance—TT), Y% w4 (Numebr of Hid
den Neurons—NHN), Z7)¢lcJE o] A7} (Magnitude of Initial W
Weight Distribution—MIWD), 2831 &4& Fe @324 Aan
ol g9l A} (Gradient of Bipolar Sigmoid Funciton—GBSF),
282 wA9 M4 7AAF (Gradient of Linear Function—GL
F)5o] gt Z$ol matds Fo4Q TTolAM &go] TEHA &
S & gov, Bd g NPHE AL WAEy] 5 o&
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FHUA 59
TT 0.04—0.12
NHN 5-10
MIWD +0.4—$1.2
GBSF 0.4-2.0
GLF 0.4-2.0
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GA-BPNN 549 gHoxts Iy 20 T=ASe] . 29 2
o A e} o] Epochel] aglel, B4te] Z7to] wat gtgol2ist 3}
231 9tk Epochzl 10,0009 7% 100%¢) BabolA 713 ze
o2 110 /ming T} Epoch7}t 50,0009) A$oHE 59
o BEAblA Ha ggdizl 109 Y/ming 7k F =de] oyt
H|5:8t9, o] Epoch7t BPNN ahgro} ¥ 932 FA ¢82 9
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Ek o] 23t vlwdte, Epoch 10,000004 7§ A2 wdg

Aol 23% FAHAYG. AR, FAHY AZEPL Epoch 10,00

=4

0, 24 100%14 2 + AA

178

@9, Jee =9g A2 ¥R 29 (3)3 wmsao. o g
2 100%9) #ANA HEAAe L AN 2 ALHR
ovf, Balg o2l 570 Vmin o). ¥ ATE T3 Awe

O

]

P?f} Zigel Bt $2% &% S sHAE 2dide]

1
o,

é% o] mels} ujmate 48 3% 239 AEXE ol Yo
749 Helzh

fole

e

zZAg 2

P(REAHAAL)) Aoz FIHER

gg d79 (KRF-2006—-311-D00047).

o] =¥& 20069 A

FATY A9 wo}

©

Py

_é A

o
=3 T

[@ag 3

[1] D. E. Rummelhart and J. L. McClelland, Parallel Distributed
Processing, Cambridge, M.L'T. Press, 1986.

S. I Hong, G. S. May, and D. C. Park, "Neural network
modeling of reactive ion etching using optical emission
IEEE Trans. Semicond. Manufact. 16,

(2]

spectroscopy data,”
598-608, 2003.

B. K1m J. Bae, and W. S. Hong, "Plasma control using
J. Vac.

{31
neural network and optical emission spectroscopy,”
Sci. Technol. A 23, p. 355-358, 2005.

B. Kim and S. Park, "An optimal neural network plasma
model: a case study,” Chemomemtr. Intell. Lab. Syst. 56,
39-50, 2001.

D. E. Goldberg, Genetic Algorithms in Search, Optimization
& Machine Learning, Addison Wesley, Reading, MA, .1989.

[5]

ARA, S, TR RS AAFE o] 43 Zeza A
434 24, 20079 g3 sAGEedd=E3, p
1807-1808, 2007. 7.

D. C. Montgomery, Design and Analysis of Experiments,
John Wiley & Sons, Singapore, 1991.

(6]

[7]



