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Stereo Vision based Human Detection using SVM

Sang-Jun Jung (TEL: 02-929-8501, E-mail: hound9@@korea ac kr)
Jae-Bok Song (TEL: 02-3290-3363, E-mail: jbsong@korea.ac.kr)

Abstract - A robot needs a human detection algorithm for
interaction with a human. This paper proposes a method that
finds people using a SVM (support vector machine) classifier and
a stereo camera. Feature vectors of SVM are extracted by HoG
(histogram of gradient) within images. After training extracted
vectors from the clustered images, the SVM algorithm creates a
classifier for human detection. Each candidate for a human in the
image is generated by clustering of depth information from a
stereo camera and the candidate is evaluated by the classifier.
When compared with the existing method of creating candidates
for a human, clustering reduces computational time The
experimental results demonstrate that the proposed approach can
be executed in real time.
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