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Gaussian Processes for Source Separation:Ww

Pseudo-likelihood Maximization

Sunho Park, Seungjin Choi
Department of Computer Science, POSTECH
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(parametric form)2| A|ZHY ZE & ALREC HEMoZ Zt S AlZH EME MEXIIE
(linear auto-regression mode)2 251 s A$E2 YD2E S5 Fol H&ss ggsol U
Ch ZI2{Lt o|2{Eh 2 IAA F JHX 2HES XU At N, MEXT|EH2L e §F Al
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H2do| Jixle 2HMH, & marginalizationo| H{ECHE M2 ¢A sZE & Aot HEHSZ By
B4+ marinalized out =10 2% mixing matrix (He2fel SMAMEE BE0{M HUELST = d
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