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In this paper, we concentrate on the mask design problem for optical
micro-lithography. The pre-distorted mask is obtained by minimizing the error between
the designed output image and the projected output image. We use the particle swarm
optimization(PSO) and fuzzy system to insure that the resulting images are identical to
the desired image. Our method has good performance for the iteration number by an

exper iment .
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Fig. 7 The error rate as each iteration of the steepest
descent algorithm[1]
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