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Begin
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Begin

similarityOfvVertex(fromVertex, rieighbors)

End

End
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=¥ A ¥ | Privacy enhanced cellular access security

#] 2} Geir M. Kgien

A% Telenor R&D, Fornebu, Norway

#d% | 2005

kK ACM Press

&3} Workshop on Wireless Security

Q oF The 3G cellular access security architectures
do not provide satisfactorily user privacy and
fail to fully include all three principal entities
involved in the security context. In this paper
we propose a bevond-3G Privacy Enhanced 3-
Way Authentication and Key Agreement
(PE3WAKA) protocol that provides substantially
improved user privacy and a 3-way Security
context. By integrating selected Mobility
Management procedures and the PE3WAKA
protocol this is achieved with fewer round-trips
than the 3G equivalent.

) o PE3WAKA| 1'equivalent| 1:protocol| 1:PE3WAK
A protocol] Licellular access security
architectures| Lipaperi 1:3-way security
context| liprivacyl 1:improved user| 1:round-
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| 1:'beyond-3G Privacy Enhanced 3-Way
Authentication| 1:Key Agreement| 1:Mobility
Managementprocedures| 1:security context| 1

URL http://portal.acm.org/citation.cfm?id=1080793.1
080804 &coll=Portal&di=Portal& CFID=2816733
2&CFTOKEN=32682275
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a9 Can the circumstances that existed in Bell Labs
that nurtured the UNIX project be produced
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URL http://portal.acm.org/citation.cfm?id=1283920.1
283939&coll=Portal&dl=Portal&CFID=2816733
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