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Abstract

In this paper, we proposed using MFCC
coefficients(Mel-Scaled Cepstral Coefficients) and a
simple but efficient classifying method. Many other
features: IAV, zero crossing, LPCC, and their
derivatives are also tested and compared with
MFCC coefficients in order to find the best
combination. GMM and HMM (Discrete and
Continuous Hidden Markov Model), are studied as
well in the hope that the use of continuous
distribution and the temporal evolution of this set of

features will improve the quality of emotion
recognition.
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MLP(Multilayer Perceptron), SOFM (Self-Organizing
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2.1 Data Acquisition
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2.2 Data Analysis
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Typel 0/30 | 0/30 | 1/30 | 1/30 | 1/30 | 0/30

Type2 1730 | 0/30 | 1/30 | 1/30 | 1/30 | 0/30

Type3 0/30 | 0/30 | 4/30 | 2/30 | 1/30 | 0/30

Typed 1/30 | 1/30 | 6/30 | 2/30 | 1/30 | 0/30

Frequency The Number of error

29 1. Triangular filter banks
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Typel 0/30 | 0/30 | 3/30 | 1/30 | 1/30 | 0/30

Type2 1/30 | 0/30 | 3/30 | 1/30 | 1/30 | 0/30

Type3 0/30 | 1/30 | 3/30 | 2/30 | 1/30 | 0/30

Typed 1/30 | 2/30 | 5/30 | 2/30 | 2/30 | 0/30
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219 2. Hanning filter banks

2.3 EMG Recognition System
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