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Abstract

The role of dialogue manager is to select proper
actions based on observed environment and inferred
user intention. This paper presents stochastic model
for dialogue manager based on Markov decision
To build a mixed initiative

process. dialogue

manager, we used accumulated wuser utterance,
previous act of dialogue manager, and domain
dependent knowledge as the input to the MDP. We
also used dialogue corpus to train the automatically
optimized policy of MDP with reinforcement learning
algorithm. The
intuitive actions were removed from the design of
MDP by using the domain knowledge. The design

of dialogue manager included the usage of natural

states which have unique and

language understanding and response generator to
build short message based remote control of home
networked appliances.
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