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Abstract

Recently data mining techniques have been used for analysis and classification
of data related to industrial accidents. The main objective of this study is to
compare performance of algorithms for data analysis of industrial accidents
and this paper provides a comparative analysis of 5 kinds of algorithms
including CHAID, CART, C4.5, LR (Logistic Regression) and NN (Neural
Network) with ROC chart, lift chart and response threshold. In this study, data
on 67,278 accidents were analyzed to create risk groups for a number of
complications, including the risk of disease and accident. The sample for this
work chosen from data related to manufacturing industries during three years
(2002~2004) in korea. According to the result analysis, NN has excellent
performance for data analysis and classification of industrial accidents.
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Training Set Testing Set
AERE | LEFS | BAEFE | 2EFE
NN 93.09% | 6.91% | 92.94% | 7.06%
LR 90.75% | 9.25% | 90.75% | 9.25%
CHAID | 92.19% | 7.81% | 91.92% | 8.08%
C4.5 92.37% | 7.63% | 92.25% | 7.75%
CART | 92.84% | 7.16% | 92.40% | 7.60%
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