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1. N1 D& el

s A UE OiOI& (meta data) =& 0|2l CIXIE
SAZE S8t E8E MHUAE FHOII MM ARIUE
O, CIOIEHHIOIAHAM HuE A8 JisdtA ot AHE
o REE BOISIH of ECh 2A OEH HOIEHE 24 #d
(headen®t TASE 822 =2ES HE HOIHE Zst=0
2 gAML SA2E dI=2E MBOIRULL M 8 O
El CIOIE &g 9 8iA HMM(hidden markov models)S At
28 SA[1], TASE 28 AMAH JHHZ0| £ hidden
markov D2 & AME8 H3[2] € A HE CIOEH =&
CHEE Ot JIXL S0t BIAK +8S| 0 UCH Ol & 2y
E2 &4 HHEE St |2 24 SOES AIEBSiC 0 &
E2 oo S0 2H8 BF X classifie) B E818I0] 8

X SHE ASSCH Oleist BEEo cF¥oZ2E=E XD
%4 S ZE(sparseness)@ ZAGHH SIWH, 01HE 4 HISE
ZItAIDIH 28 4s0is g8 & & UL

43R0l &4 XY AL 2HO LSi(lLatent Semantic
Indexing)[3], &8 & Q! PLSHProbabilistic Latent Semantic
Indexing)[4] S XIAE ZAAIZI RSHA =AM SO E

YANUCH S8E SHE LSl 28 HY e AP
&S, BH UE S MM 2HSCHS5). 20 BeiAHE

Y912 RAIE 2Y 22 2D =AM s 20
A8 CHEE SBHAHSIA S0 M EFE A8t 542
HAH diOIER AMESHH S0, ¢ BHAHER 4 IR
(dimensionality)#0t OtLI2t &4 S Z(sparseness)T LAl
H ECH £ O SCIAHER2 28 S48 N2st0 NE
ZH0A EX SH8 RAIE0 QSN ST S48 2usst
Ch. HEXQ! 0 SHAEZ 2Eo 24 o0 BHAHE
[6,7.8]2 24 280N FQ8 d=5 A2 2 F1 LSIY
PLSIS 458 SISt
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£98 SN2 HSED YUCH
DY Citeseorti M= M UAHAE 51| AMM NSSH 25 YHE MB6D AT 2N 25
249 HHES W19 &4 HHOZ AMSSC. 124l 09 22 EHS IV a4 258
SEg LA S SBHO YHOIH BN =
B0 B HF0ANE BoAE &4 HHE 918 SO FEINE S0 SHAHY
AT BAEE CUs THO CIOEHOIASD €0 8% S4S22H Mss=d, 09
So{AE &4 HES SR8 I LAE0 0L 2A M 2019 BE 25 AS0A 2AS
FUD, B2 BN SO DY 28 HED HDH SUAS B CHSS 22 259 FUCE FAA

RHE o188 EAM

2 =20MsE g, XX 2t & EA2 BHAEY X
Matd B0 E SdAHSIE YHE MBS0 =4 22 8
AHE AMSEU Qi SX SHAS 20 B2 HE &4
X == OIRER2 =EE HECIOIHS KASITH

S ZAAEYE 2 %A(domain) CIOIEHIOIAS SO
d@X s4E(8]2 JIRRE si=0, 0XsE2 8T a9

HAH XAME I UCH HB2HAE E2M EF HYUAM
SHAN SHEEll ME2EH HOEHHOoAE XX SHAE

P8 OI8 SO GIOIEHIOIAD}L € £ UCH S3 HOE=2 d
SN HOEHHOIANM A%84(membership)Ofl 28 Sa4
ABECLC HE S0 018 @O GIOIEHOIAMA LIEHLHA
& "Tom", "Laura" S& 20l 2dAH HOHAM "name
word:"" 2t= BHAH HOBER HESEHC.  KABHA
"Maryland"e “:state"'® HEBECH &4 D& 0j28 RES
EHAH 4 BEOI2 2ELL

ool EX 42 e SO Xlis EgE3 €M 22
=X AIHES D280 LS o= Yo 22X 0
ZHZLCH "@'2 oMY EX 245010 EF oMY =28
EAESH] H6 "email'2 AEECH 22 M =XES
BHAHEIONA "digit{7]'e2 BE&EC 0/ 22 S 3%
H4d2 d8 2MH Mel BHSHAH U2 MASEH O
[10].

B =20AM AISE O SHAHY 22 A4 HIS
SANRD, BA Y BF £
SE EAAIRCH

2. g7 3
SO SciaBEe I8 10M 2= it 201 WE ool
FE M CHIHZAM S48 HEots ZYo URIO0IL =2

22X HHE0l SAHAHSZD &2 M Ml M Sd2H dl
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icapi N,oﬁD!cMo;ﬂ:: nerme word:name wmd::smucu:im word:
Biblographic field sxtraction
Do HaM) .
.. Doolment headsr iine- classiffoation
P )

SO SSABHZ D OE CIoIH &2
ENT

3. 73 Jlg ¢ol SAHAHY Y

HEIE ¢ EAUAHY[9]E ST 201 Al 2HZ 7Y
2o UCH

H BN e ¥ELY HOHWOAE PHSHE AH0ICH
2 =20lME 28 M2gY UoEHoIAYY AXSE HEY
% CIOIEHHIOIAE F&ESCH A7 M2 OoIHUHAE
World Fact Book[11]222H +Z A=, 138142 015
S 3961042l M4 12l = HE01 2FEUATH 01 X
HES D= ZAl OIEL OB U2ty £2 ZAl 01E(city)2
CIOIEHIOI22 OI= = 0/ CIOiEHIoIAL 0IR RS
Coledol2 S222H E@&EATH 0 I Gazetter[12]
AZBEHACH "pubnum' & KFEE AR OIOIEHHOIAI S=

Sda0 UatMeE M BIT=(Document Frequency) SX
SIS HEEYEY CIOIEHOIAE F&REIAL. S E39

HEZE FX8E MBS UOIEHMHOAE REBIRUCH B

2 ‘affiliation”, "'note", "pubnum®, "phone" BHAE #E =
e &8 0S8 HHEC. FXEE M2YSE CHoEMoIA
= address EdAME UYF MZYHE OOIHHO AN U=
SefAc X2t 22X HEE M3 =C.
H1 4% 2UH20MH 2M 2ol 28t =2 S2
SO E
Affiliation Note Pubnum Phone
DF Feature | DF Feature | DF Feature | DF Feature
313 university | 98 research | 41 report 18 fax
78 univ 76 support 38 technical | 14 tel
126 department| 68 grant 21 tr 11  phone
99 institute | 54 science 5 csrp 3 usa
57 laboratory| 42 part 3 'memo
F BN S SHAHE &H8ts 2010 BF2EY Hof

E{HIOIAS S X 40 ZHOIO SHAEE SHSBHC
M8 E8OHAM S2X2 £X2t &gl 2=
":Digs(3]::Capwords[3]::Digs[2]" St 20! H&sCH LUt
HOZ 2t MI2YY HOIEHYI0IAE BLIS SBHAHW WS
Ct.

A B SHE A8 #ASts 0ICH SO OB ®e
o CIOIEHIolAS HS(match)8tHl 821 fISHA #3E &
HStD &0 X 48 20561 o8 =EE SHAHA

Ol =
AN

BB RIS BHAEHE FHEI MM AL O
g 482 DYECH OE 8% Ul ol CIoIEHIoIAN
AN HEXNZ AXEls COE "name-word!" SE{AH

SEEE

Gf EEECH A2 siLte S0t o3 K gol

| &0 UAS R USA €2 M JIN Yge=z &
8 ZCIEU. M, U8 HEE<E COEHHOAE Xls
PASHA SEHE UM LuXe =NHE
Oac 2 =2lAMdE sdele 28 AEHM 8899 o]
EHIoIAS =98 Postcode > Abstract > Keyword >
Phone > Month > Addr > City > State > Country >
Nameword > Word dictionary 2 & HISICH &tLS) SOt
S HE 08 SO CIOIEHOoIAN UEHA 2 F=R
".dict-word:" Zt= B2AAE AN “name-word" E{AH
Ol 28t EM, o2 e =X ZEE MBsls LY
SOt 024 JHQ GIiCIEHHIOI AN H81 U8 FRUE ¥ES
BtCH N2 EHOIF &8 As ToJEHolASl =8 LIEHACH
B8 S EAM silHH "degree” TICIEIHIOIZ, "pubnum" O
OlEHIOIA, "note" CIOIEIHIOIA, "affiliation” ClOIEIHIO A OH
CF HHUE OO AS B2 22 4742 CIOIEHKHOIANA
Se A% S4H8 LIEHHI fI8IA W Xi2ld o1& BEE
MESHCH OHE S8 "1001:"2 ‘"degree", "affiliation" CI0IH
HOlAME LIEHUXISE, "pubnum”, "note" GIOIEHIOIAMME
LIEILEX Sdslis 28 Q0IstCh AH, ofed JHS CIOEH
OlA0 S8iUA= sHLte) Sois 1 UMDt S 2HAH
E 5430 0l22 #4929 284 =D over-generalization)
B 23tAIH FCH 8 2= 'kim" Olgt= ©0{el 8HAH &
@8 BEHEO. "kim" & HEXE AMEStLD address GOl
0iA2 OIEEN GIOIEHOIAS} dictionaryOl RUCH CIOIEH
0lal S&=20 2tM "address" SHAEN EYEHES 2
HZFED AUALH.

Word orthographic properties

Domain detabases
tart with a lower case letter
Start with 2 diglt

1.
City State
Contalns “@"

. Start with a non~letter character
. Length of the continuous
digits/upper case letter

lower case letter

, Degree

a8 2

0l "Kim" O SHESl= BHAEH Y O

4, A8 S B}

2 =20ld=s 2M SIdtt 28 THEE B3 =58 5
JIX ERE /EOIRUCH & CIOIEM CHSHA 1542 28X
8 A8, 2AM &Heiel 2ERE {8 gYozRs=
SYM(Support Vector machine), TA 22 &2 &g 98
LHO 2= HMM(Hidden Markov Model)2 AIRSIRCH =2 =
20AHdE =20/ ¢ BHAH &4 2Yo M JIX U8
SHo &5 HMS AMNSH 2UD U ABAN 54 EZHHY
FEO U3l SssS HILSACHL ZHS ABMAM 45002 &l
HEW &8 M 41501 S8 o885t 2, 8id dlol
B ZE2 73509 HOIEE HFEH 6P =R£2 ZESIA
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Ch. &A 22 G0l ZE2 500K dlolss &
&SI, 25004 & o2 25009 AE G2 o2 L
SACH

2AM sHeY 25 TAH 88 82 &2 452 Aest
Jl #I8tH & JIX Y-S MESIRUL. ¢ 87 &= O
S L2 HETOH 2510, SHAN SES Hit= USDH
22 HYL, XT38, HET 2 FMeasurell 2J8HAH HHEU
Ct.

Precision = A/(A+C)

Recall = A/(A+B)

Accuracy = (A+D)/(A+B+C+D)

FMeasure = (2Precision*Recall)/(Precision+Recall)
o, A= 24(positive)22 HiAGE & 24 2 +&, B
84d(negative) 22 GiAEE & 24 WY +8, C= ¢4
Gidcles & 84 0 8 DE 8422 fidde &
oSl =8 LIEHHCH
M sidele 288 f8iAd 3 X CH8 &4 B8 |8
DHOH 7 JIAl M2 O A& s tlusidsd B 2%
20 2 =20Ad AS88 2dAH &4 D82 SE3d
"pubnum”, "address', “author®, 'title* THAONAM IIE =2
F Measure& 20 FUL. HIN2SZ 2 =20 M A8 7
I8 ¢ EHAHBEMAE ¥ ¢ BEH HISHH 6.3%

]
o Mo
K3
i
i

BT BAZS, SANCH SHAEZD HIDHE © 52%<
a8 B¢ F=ACH
H 2 M2 08 &4 HEH 248 2Md 80
o o B & Hin
Class |1W | 1D [2W | 2D [3W | 3D | 4C | Increase

Title {679]71.3]681{718)728{748)81.1{108]|57
Author [61.5]69.6|62.2|69.6|62.1689]|923265|17.6
Affiliation| 88.8 | 892 [83.9/88.3/89.2(88.8/906| 0.7 | 1.1
Address |81.1/80.2]|82.3|80.7|82.1(80.3/923] 99 |113
Note [69.3{69.0]70.2|67.4|69.0|706648|-55[-56.7
Email [92.0]519{987|953/987|97.7{981|-05} 0.3
Date  |83.1/79.2(83.0|79.3183.3|86.1|936| 84 |59
Abstract |96.8(97.2197.0|97.2/956{955|975| 05| 03
Phone |63.5(7891656|77.8(771|789|785|18| 0
Keyword | 65.7|68.9(66.3]68.2(65.1(66.0(695] 3.1 | 05
Web  196.0(94.1[9.0{96.0/96.0196.0|96.2} 0.2 | 0.2
Degree 1546)|59.9(56.1(59.9(59.1{57.01632] 29 | 1.7
Pubnum {52.6|50.0|52.6]50.0|533|50.6|81.6|26.2|295

TAEE g2 258 A6l FaI|E &4 HE2 g ¢
O EEL HEHS I 8.2%2 BAES ZOHAH JHE=2
SHNEE &2 =& F8TE 89.7%JUCH HEIC 54 HE
2 &4 XIS V2 230002 HOJUIA 300712 EH2HZ
ZAAZCH T 32 "editor", "page", "tech", "volume" ZciA
M SE5 FHECZ SHAM SE =5 58 SAA
BEE FHED

5 & % g% LA

HIUAME BHAH B4 HEg |8 WY A3
SAHY LEE ASOIRUCH 0248 BAHLH =4
EQ% ¥ AL OLIZE 2A BT 2oy B
sHlA a2 20 F=U1D, ¥E EM ¢ JE =4

B 2%E M SHSE &2 =59 J&E &Y

= e g
o o 2 e
AL fH

3 e
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T 3 N2 U2 =4 HEHES AS8 TASE
&2 H0{E2| tagging A5 i
Bib field |Original words Distributionalour clusters

clusters
P R |[F |P R F P R |F

author 95.3 [86.1 191.1 |{87.1 {97.7 192.1 [96.2 |98.7 (974
book title |92.4 |88.5 {90.4 |81.7 |87.3 [84.7 |8B.7 |88.7 |886
date 87.8 |82.2 |84.7 |87.5 |82.1 [B45 |986 [95.7 197.1
editor 76.5 |45.2 |56.9 |685 [60.5 [64.5 |8L.5 |63.7 {71.1
institution|68.4 1785 |56.9 {783 |71.2 |746 [76.3 [77.2 |758
journal 89.3 |65.2 |75.4 |61.0 [63.1 |62.3 {77.1 {785 |779
location |[76.5 |75.5 [76.1 {78.8 {715 {750 [77.8 |71.4 745
note 581|574 |57.8 [32.7 [394 [35.7 |76.1 |47.3 |57.8
pages 71.0 {735 [72.2 |66.1 |74.0 [70.0 {956 [95.7 196.1
publisher {91.3 {60.0 |68.9 |68.7 |72.4 |705 |56.0 |58.1 |57.1
tech 12.2 {79.5 |21.1 {157 {975 |27.3 [56.3 |64.2 |59.9
title 87.9 |84.0 {85.9 |96.0 |61.8 {752 [92.1 [93.0 [92.5
volume |85.2 |73.2 |78.7 [81.8 |60.5 |69.5 |[87.5 |91.6 {89.4
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