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: /* N : # of Bayesian networks for combination */
. /* POP: Population */
: /* order(] : Array with length N */

1([ Permutation(permutation index): return the order of
items given the inputted permutation index *

: /* fitness(j) ® fitness of jth individual */

/% Imtlahzatxon(populanonf I}ach individual is initialized
as a value from

: /* 8. random variable */

. Initialization(POP);

: For i=]1 to MAX_GEN {

For j=1 to |POP| {

order = Permutation(POP(j));

12: fitness(j) = Fusion (order); }

131 POP=Selection(POP, fitness); // selection

14:  For j=1 to |POPI/2// crossover

15:  {Parent(); // select two indexes
POP(children)=
8xPOP(parentl)+(1-8)xPOP(parent2);}

16:  For j=1 to |POP| // mutation

17 POP(j)=Random(POP(j), 0, N!-1)

18:}
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