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High-Resolution Satellite Image

o]FE o] 843% wH Y P&

Lee, Jong-Chool - Lee, Yong—-Hee - Rho, Tae-Ho - Kim, Se-Jun

D rAgsty Foge AdFEE 25 (E-mailjclee@pknu.ac.kr)

2 Flokrpetil T A AL} 22(E-mailiyhlee@yangsan.ac.kr)

D EAYEGn gatYd EEFEI T ANE-mailirth1348@pknu.ac.kr)
Y RAgey ey EEFety F8H4d AHE-mail:id324@pknu.ac.kr)

Abstract

We need the acquisition of accurate geographic information as well as immediate updates of information on the
city in order to plan and manage the changes of the cities more systematically. The geographic information for
judging the changes of the cities can be used not only in various policies and studies, but also as important
data themselves that record the growth of cities. In this paper we could build the GIS database with attribute
data about the classification accuracy and the class ,and by providing the land cover map by each classification
method according to the accuracy that the user requires, we could provide more reliable and various
information.
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- Class | Tree | B Accyracy;
R e C98)
Tree 55 1 0 0 91.04 96.82
Bare 0 4 0 1 70.00 875
Grass 0 2 6 1 78.78 70.00
Road 4 0 0 10 5 92.86 4815
Building 2 0 1 1 86 90.76 97.30
3.2.2 RUSER
B AR Zz% B8 wwl Z K-means Traning® ISODATAE ol&3tgith 25 200% w3 7
ALS stRen, Az 13719 ERYHE % A 52 AEFE A ole ta AlTe] 2 AY
vh_"'?r T3 AAYolRS Hgste EX IE BFE HAGA
& “IH«] g BE e AF3AFAHY 24F VM AL

=z
o
H“HUP P1xe1 %Ml gl e A BFE 7hestA & 5 Aok A7 2/ el o
3

E 2. x4 E(ISODATA)
_ -1k  Producers | User's ~
Class | Tree | Bare Gras$ ‘R‘oé'd Building -Accuracy | Accyfacy’
| 1o e ke | s
Tree 54 0 1 2 6 8852 8&.71
Bare 0 5 0 0 7142 100
Grass 0 2 5 0 3 71.42 50.0
Road 4 0 0 10 4 7692 95.56
Building 3 0 1 1 95 87.968 95.0
¥ 3. 28 E (K-means)
. . .. 1 Producers |  User's
:Class Tree | Bare | Grass Road | Building | Accuracy- ,Accyra'cyy,
: ol e e e
Tree 57 2 1 5 93.44 84.00
Bare 0 5 0 0 71.42 100
Grass 1 0 5 8 71.42 35.71
Road 3 0 1 10 9 76.92 43.48
Building; 0 7 0 0 86 89.26 100

218 6. K-means
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E 4. 223 E (Neural Network)

i Sl e chesied e T Producers] User's

are | Grass [ *{Bui Accuracy Accyracy

x g S K : - T ;es ; (%) s
Tree | 57 0 1 93.44 89.06
- Bare | O | 4 1 57.14 | 400
1B ux Grass | 1 2 5 71.42 62.5
g [ == Road | 3 1 0 7692 | 52.63

ES

Building| 0 0 0 0 95 87.96 100

29 7. Neural Network
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3 BERYn BY

ER7IY wat 44 B EE Error MatrixE o]&3te b8 ey F 196719 #FE2H & o) &38
Aok A Hd =Y o)&F HEEFY FEEE BHY 23 FA == 89.80%, Kappa AT
€ 08322 Yegoth EF &5 F AEAGY A=t /B A vgtem, Ortizs ol AAE Kappa
ol wep Ao BEF A=z #Hrtdo. A4 Agdss Hd ge 90.16%°]3 AR A¥EE
96.19%0°|th. YA} Ao Fer7F AEETE A YEWH ole 49 HS AV ALY AR Y
TREATG T Ad d@v E 5= 747 7 ¥yd mE dARE=

219} 2A|7F AR wApE o]
KappaAl =& el St
E 5 EFURE dAYHEE, KappadlF
Classzfxcat;on Method Overall Accuracy(%) 5 Kappa

Maximum Likelihood 89 80 0.83

ISODATA 86.22 0.77

K-means 83.16 0.73

Neutral Network 87.24 0.79

4. GISE 0|28 EXIIEE =Y

fgAHe] EXE EFEE A3yl YA RS7Igoezr EF9 72 #d%oluA(Raster Data)&
ArcViewXZ Wl SHPH Y (Vector Data)Z W seto], ojn] &3 e 2FE 4% &, ArcViewE °| &
3}0“1 *7”11011519} SA4volHz #4449 GIS Data®Z AFE Fo] EXGE EFEE At WA

H EXo] & x| d3te v:Ef‘*E2 "*E“ﬁ}‘?i 3 8o gk WA, AA HYE, Kappa A, W
]@1—4 DEME sl &8 & 4 UL E GISE °]83t9 Database® T34 138 72 GIS
Database® +%3l= EFolH, —'1%] 8, 9% —7:4%‘—}3.?1 EXFETE Vel .

1% 7. GIS Database 7%
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Land Cover Classification Map Land Cover CIas f’cahon Map

[] Building {1 Building
I Tree Bl Tree
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[.] Grass Hl Grass

1 1] k] 2 Kiometers 1 ] 1 2 Wiometers

1Y 8 EXFEC(ZERE) 298 9. EX]T & X(Neural Network)

5. @&
IKONOSH A F4E olf3te] EAXE Ex g5 EFE g4 27 7ydz BAsa, 243 29

o} GISE ol &8t EXvE EREE A4F 23 o33 22 2L Ik

1. B3EAE o8 2759y T AUYS=gS 083 75 BF57 AAREEE 89.80%, Kappa 7l
Tt 08392 4717 &7 ¥F M 52 A2 E el

2. AL wiAF %% Hol glol Neural network® 4% ®F 7|¥o] HAASRE 87.24%,
Kappa Al 07902 71 %2 AB¥TEZ Jehdoh 245 BF A Classd AAU 4z =]
Shade B& 03 WA == Pixelgtol thate] Neural network@ 202 wr}l Hakst 2871 715 3
o
AR

Nx Agete, BFA ADAQ WHolA = Neural Network 25
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