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Abstract

The criterion which judges an information retrieval
system performance is to how many accurately retrieve
an information that the user wants. The search result
which uses only homograph has been appears the
various documents that relates to each meaning of the
word or intensively appears the documents that relates
to specific meaning of it. So in this paper, we suggest
semantic information retrieval technique using relation
within User-Word Intelligent Network(U-WIN) to solve
a disambiguation of query. In our experiment, queries
divide into two classes, the homograph used in
terminology and the general homograph, and it sets the
Thus
we found that only web document search’s precision is
average 735% and integrated search’s precision is
average 70% in two portal site. It means that
U-WIN-Based semantic information retrieval technique
can be used efficiently for a IR system

expansion query forms at "query + hypermym”.
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