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ABSTRACT: As the age of information technology is coming, companies stress the need of knowledge management.
Companies construct ERP system including knowledge management. But, it is not easy to formalize knowledge in
organization. we focused on data mining system by using genetic programming. But, we don't have enough data to
perform the learning process of genetic programming. We have to reduce input parameter(s) or increase number of
learning or training data. In order to do this, the enhanced data mining system by using GP combined with SOM(Self
organizing map) is adopted in this paper. We can reduce the number of learning data by adopting SOM.
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Table.2 Trimaran data set for GP learning

J P/O AE/AC z KT KQ
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.20 0,197465: 0.801595 .0.705943
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23 0,421574 0.941788. 0,371081
24; 0,718429 1,12788:.0.416899
25: 0.393775 1.32673: 0,993308
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Table.3 KT data set for GP learning
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