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2) Orientation assignment and Keypoint descriptor
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N:=Predefinde iteration number
{P}:=The set of corresponding points
E(p):=residual of corresponding point p
<i>
i=0
prev_count=0
homography B
while iI<= RN
Pick random four corresponding points in {P}.
Calculate the affine transform Htemp using the four points.
inlier count = 0
for all p in {P}
if E(p)<Emax
inlier count = inlier count 41
end
if inlier count>prev count
prev_count = ipliner count
H=Htemp
end
end
end
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