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Abstract
In this paper, we propose a new customer
profile model based on customer behavior in
Internet shopping mall. The proposed technique
defines customer profile model based on customer
behavior information such as click data, buy data,
and interest categories. We also implement
CBCPM(Customer
Profile Model) and perform extensive experiments.
The experimental results show that CBCPM has

higher precision, recall, and F1 than the existing

Behavior-based  Customer

customer profile model.
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