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Rice Yield Estimation Based on the Soil Chemical
Properties Using Neural Network
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Fig. 2. The experimental paddy field for soil sampling, yield monitoring, and site for

neural network training and predicting.
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Fig. 3. Yield maps generated by Fig. 4. Yield maps generated by

soil properties in 1999. soil properties in 2000.
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Fig. 5. Yield maps generated by Fig. 6. Yield maps generated by
soil properties in 2001. soil properties in 2002.
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