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The Prediction of Fog Occurrence at the Incheon Int'l Airport
Using Decision Tree Model
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<Figure 1> Decision Tree for predicting
the foggy day



JAAANTE 047 AATAF

T Ao AT A5y AL 9

<Figure 2> Decision Tree for predicting

the foggy time without classifying fog
type

<Figure 3> Decision Tree for predicting
the foggy time with classifying advection
fog

<Figure 4> Decision Tree for predicting
the foggy time with classifying steam
fog

Table 1. The Scores for predicting model

Threshold Heidke Skill Treat
Value Score Score
Foggy day T > 025 0.62 0.51
All Fog(85) T > 04 0.67 0.59
Advection
> 0. 0.7 .67
Fog(61) T>03 6 0.6
Steam
T > 0. 0.76 0.68
Fog(24) 03
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