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ABSTRACT

In this paper, we present a system for robust face detection based on wavelet transform using
the standard models of image distortion. In the previous works, it was known to be difficult to
treat a distorting of image information such as noises and light of the images obtained by a still
camera and a movie camera. we analyze the high frequence information by using wavelet
transform. This information is used for testing the image distortion and constructing the standard
models of image distortion. The experimental results show that our extracting method based on
standard models of image distortion is very effective.
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