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Analyzing Production Data using Data Mining Techniques

H. W. Lee (Digital Production Processing Team, KITECH), G.. A. Lee (Digital Production Processing Team,
KITECH), S. Choi (Digital Production Processing Team, KITECH),
K. W. Bae(Dept. of IME, HANBAT National Univ.), S. M. Bae (Dept. of IME, HANBAT National Univ.)

ABSTRACT

Many data mining techniques have been proved useful in revealing important patterns from large data sets. Especially,
data mining techniques play an important role in a customer data analysis in a financial industry and an electronic commerce.
Also, there are many data mining related research papers in a semiconductor industry and an automotive industry. In addition,
data mining techniques are applied to the bioinformatics area. To satisfy customers’ various requirements, each industry
should develop new processes with more accurate production criteria. Also, they spend more money to guarantee their
products’ quality. In this manner, we apply data mining techniques to the production-related data such as a test data, a field
claim data, and POP (point of production) data in the automotive parts industry. Data collection and transformation
tzachniques should be applied to enhance the analysis results. Also, we classify various types of manufac‘turing processes and
proposed an analysis scheme according to the type of manufacturing process. As a result, we could find inter- or intra-
process relationships and critical features to monitor the current status of the each process. Finally, it helps an industry to
raise their profit and reduce their failure cost.
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2. Literature Review

2.1 M=ol Aol MAE
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2.2.1 Classification
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2.2.2 Neural Network
AlZd 2 (neural network) 2
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3.4 Neural Network & O| &%t
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