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2EYS ndsls Q2e ZeAHY U stream. This paper proposes a new clustering
& AR, o} g, ALe o] el = algorithm  which contmu.ously models a data
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clusters of feature values corresponding to
activities observed so far in an audit data stream
are identified by the proposed clustering algorithm
for data streams. As a result, without maintaining
any historical activity of a user physically, new
activities of the user can be continuously reflected
to the on-going result of clustering.
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