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[ Backpropagation Learning Algorithm ]

1. Apply the input vector, X =(X,0, X ;. )
to the input units. 7> Tp2 *

2. Calculate the net-input valyes to the hidden layer:

net

h
Zwﬁx +6,
3. Calculate the outputs from the hidden layer:
. _ ok h
oy = fJ (netpj)

4. Move to the output layer.
Calculate the net-input values to each unit:

nety, = Z Wik, + 67
J
5. Calculate the outputs:
0 =fr (net;k)
6. Calculate the error terms for the output units:
§:k = (.ypk - opk)kaI(net;k)
7. Calculate the error term for the hidden unit:

f (neth )Z S Wy

8. Update weights on the output "layer:
4 _ 7 N
w (t+ D) =wp () +7-0,4,
9. Update weights on the hidden layer:

wj'.‘i(t+l) (t)+r7

10. Be sure to calculate the error tem:
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