MLLR SiXIES 7|He 0|83t Me &taAlz atzol
(=)

HEEL PP

_LC?{_:
2,
o4
oo

4 ARARGT %

AAEFH 2T

Speaker ldentification in Small Training Data Environment using MLLR
Adaptation Method

Se hyun Kim, Yung-Hwan Oh
Voice Interface Lab. Div of Computer Science, Dept. of Electrical Engineering and Computer
Science, KAIST

shkim@speech.kaist.ac.kr, yhoh@cs.kaist.ac.kr

Abstract

Speaker  Identification is the process of
automatically identify who is speaking on the basis
of information obtained from speech waves. In
training phase, each speaker models are trained using
GMMs

which have been successfully

each speaker’'s speech data. (Gaussian
Mixture Models),
applied to speaker modeling in text-independent
speaker identification, are not efficient in insufficient
training data environment. This paper proposes
speaker modeling method using MLLR {(Maximum
Likelihood Linear Regression) method which is used
for speaker adaptation in speech recognition. We
make SD-like model using MLLR adaptation method
instead of speaker dependent model (SD). Proposed
system outperforms the GMMs in small training data

environment.
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