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Definition 1 (network Graph ) A network
graph over R, URE is a
R=(V(R),E(R), 14,0) such that

. RV, representing a network vertex set,

4-tuple

(al,az eer

is an n-tuple »@r) where each

&;  called a network verteX, is a network
variable;

. RE, called a network edge family, is an
m—tuple(ﬂl’ﬂv""ﬂm) where each ﬂi,
called a network edge, is also a network
variable;

« V(R) is a finite and nonempty set of
vertices,

e E(R)cV(R)XV(R) g 4 set of ordered

pairs of distinct elements in V(R)
o HV(R) > Ry 4ng 5:E(R) > Ry e

functions.
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