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Modeling of etch microtrenching using generalized regression neural network and genetic algorithm

o|d -, A E+
(Duk-woo Lee, Byungwhan Kim)

Abstract - Using a generalized regression neural network, etch microtrenching was modeled. All neurons in the pattern
layer were equipped with multi-factored spreads and their complex effects on the prediction performance were optimized
by means of a genetic algorithm. For comparison, GRNN model was constructed in a conventional way. Comparison
result revealed that GA-GRNN model was more accurate than GRNN model by about 30%. The microtrenching data

were collected during the etching of silicon oxynitride film and the etch process was characterized by a statistical
experimental design.
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