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Sonar Grid-map based Localization for Autonomous Mobile Robots
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Yu-Cheol Lee, Se-Jin Lee, Dong-Woo Cho, Chul-Ung Kang, Jong-Hwan Lim

Abstract - Exploration involving mapping and localization in an unknown environment is an important task in mobile
robots. For this, robot must be able to build a reliable map of surroundings and to estimate the position of it. In this
paper, we developed technique for gird-based localization of a mobile robot with ultrasonic sensors using EKF(Extended
Kalman Filter). We also describe the information about landmarks detected in the environment. Finally, the robot
experiments show the efficiency of our approach in the real environment.
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Fig. 2 Global and local sensor locations
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