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FeatureExtractionforEndoscopicimage
byusingtheScaleInvariantFeature Transform(SIFT)

LA A AY, e, 7AW, A
J. S. Oh’, H. C. Kim™, H. R. Kim", J. M. Koo", M. G. Kim™

Abstract ~ Study that uses geometrical information in computer vision is lively. Problem that should be preceded is
matching prohlem before studving, Feature point should be extracted for well matching. There are a lot of methods that
extract feature point from former days are studied. Because problem does not exist algorithm that is applied for all
images, it is a hot water. Specially, it is not easy to find feature point in endoscope image. The big problem can not
decide easily a point that is predicted feature point as can know even if see endoscope image as eyes. Also, accuracy of
matching problem can be decided after number of feature points is enough and also distributed on whole image. In this
paper studied algotithm that can apply to endoscope image. SIFT method displayed excellent performance when compared
with altemative way {Affine invariant point detector etc.) in general image but SIFT parameter that used in general
image can’'t apply to endoscope image. The goal of this paper is abstraction of feature point on endoscope image that
controlled by contrast threshold and curvature threshold among the parameters for applying SIFT method on endoscope
image. Studied about method that feature points can have good distribution and control number of feature point than
traditional alternative wav by controlling the parameters on experiment result,
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2.2 ® Scale Invariant Feature Transform (SIFT)
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