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Selected input| 2 0.019 0.102 0.013 0.101

variables 3 0.015 0.115 0.011 0.116
Entire system| 2 0.011 0.105 0.012 0.102
input variables| 3 0.011 0.110 0.007 0.106
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Maximum gen 100 & 9u gty
: : 300xNo. of 1st layer
Total population size node
Crossover rate 0.65 s
Mutation rate 0.1 Kim et al.’s modell7] 0.034 0.244
String length 90 Lin and Cunningham’s model[8] 0.071 0.261
Maximal no. of inputs to - 77 , 0.28
jmal no. of iaput 1<l<Max(2~3) Fuzzy model[9] 0.017 9
Polynomial Type(Type T) of FNNs[10] 0.027 0.289
the consequent part of rules 1=T.<4 PNNI11] 0.027 0.258
| Membership Function(MFs) | . Gaussian Adaptive FPNN[12] 0.018 1 0246
» type Triangular
No. of MFs per each input 2 or 3
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