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Experiment (2)

+ Experimental results with same data used in the
supervised learning method
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Personalized Program Guide

» An example of personalized program guide displaying a
TV user’s preferred TV programs inferred by our methods
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Conclusion and Future Work

= Conclusion

+ Our algorithms outperformed typical methods
+ Adaptation of the change of the trend of users’
preference

*  Future Work

« TV program recommendation using multi-
recommendation systems
+ Genre recommendation
+ Channel recommendation

+ Redo experiments using more data

+ Develop methods for determining optimal parameters

+ Apply our method to mobile environment
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