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Accuracy 85.23%
Precision 94.35%

Recall 86.03%
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- fccuracy = (tp + tn) / (tp+Fp+tn+fn)
- Precision = tp / (tp+fp)
- Recall = tp / (tp+fn)

tp : True positive
fp : False positive
tn : True negative
: False negative
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2.3 Feature Selection
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