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With the given parameters,

- A : set of attributes.

- @ set of conditional atwibutes, g set of result attributes.

- : the number of total attribute, y: the length of feature .

- G : set of the best p chromosome, g: a chromosome in G.

- p : the number of total chromosome (|G = b)-

- u : the number of total rule found by association rule mining.

Repeat Step 1 to Step 5, for all g in G.
1. Create temporary empty rule  {a)—{4), Set a=f=2¢

2. Divide best chromosome into 2n
(Each segment in 1 to # is corresponds to cach attribute of A4
for condition of rule and each segment in p41 to 2n is
corresponds to the each rest attribute of A , for result of rule).

3. Forall 5, ;=1t n

3.1 Forall 5, j=1to 7y
3.1.1 If the corresponding bit of conditional chromosome is

equal to ‘l then Update g, a—alJA ;
3.2 Counect all feature in o with operator ‘AND’.

4 Forall 4, 1= n+lto 2n
4.1 Forall 5, j=1t 7
4.1.1 If the corresponding bit of result chromosome is

equal to ‘1 then Update 8 A—FUA
42 Connect all feature in g with operator ‘AND’.

S. Forall b, k=1t pu
51 If any R(k)=¢ then R—R— R(k) else R—RUt

Return final rule set R.
( R = rules mined by association mining {_J rules decoded from top

b chromosomes)
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