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Intelligent Allocation of Transporting Resources in Logistics using Genetic Algorithm

Abstract

Recently, most of countries in the world are investing
huge amount of capital for the infrastructure of logistics
and trying to gain dominating position in logistics. To
play the role of important hub in logistics, an efficient,
flexible, and fault-tolerant transportation process should
be developed. Minimization of transportation cost and
timely deliverics in the unpredictable environment are a
few of the important issues in logistics. This study
suggests a way of transporting goods to destinations at the
minimal cost and with the minimal delay by optimally
allocating transporting resources. Various attributes in
transportation such as due date, priority etc. are also
considered. Appropriate transporting resources for cach
work item is selected by calculating the weighted sum of
the cost factor and the delay factor assuming that initial
sequences of work items are given. A policy to reallocate
transporting resources is also suggested when work items
or transporting resources are added or deleted because of
accidents or disturbances. This policy provides
adaptability to the allocation methodology which enables
the system to cope with changing enviromment by
controlling various attributes in transportation. Genetic
algorithm 1s used for this approach.

Keywords : logistics, transporting resources, resource
allocation, genetic algorithm
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2. Problem Description
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3. Proposed Algorithi

3.1. Genetic Algorithm
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3.5. Genetic Operators for Scheduling
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3.0. Genetic Operators for Resource Allocation
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3.7. Fitness Evaluation
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