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A study on the forecasting of instant messinger’s users choice using neural
network
Dong Sung, Kim, Gye Soo, Kim
Dept. of Business Administration, Semyung University

Abstract
This study examined the forecasting of instant messinger’'s users choice using neural
network. We used the statistical methods which were Logistic Regression, MDA (Multiple
Discriminant Analysis), and ANN(Artificial Neural Network). In the result, the forecasting

performance of the ANN was better than conventional model(Logistic Regression, MDA).
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