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A new Intelligent Yield Management Methodology

o] % 3
Abstract

based on Feature Manipulation
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This study presents a new intelligent yield management methodology which can forecast the yield level of
a production unit based on features' behaviors. In this proposed methodology, we identify the existing features
using C5.0 that are combination of nodes (i.e., variables) in the decision tree generated by C5.0, use SOM
(Self-Organizing Map) neural networks in oder to extract the feature's patterns and classify, and then

make features' control rules using C5.0.
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Period 1 Period 2 Period 3 Period 4

Feature I (Input)

Yield (Output)

e "\, A = — Feature 2 (Input)
~. N7 PR el Feature 3 (Input)

» Time
Ol) Fearure 1 = Variable 1, Variable 2 ' Variable 79 X8

Feature 2 = Variable 1, Variable 3 %' Variable 52/ X &}
Feature 3 = Variable 2, Variable 4 &' Variable 95/ X &}
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Combination of
Features Multiple Features’ Pattem

Multipl Mutipl Features
. Existin iple iple Manipulation
Variab J Features’ Features’ il
Features Rule Extraction
Finding Pattern Pattem For Yield
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Decision Tree ]

generated by C50 V'3 Fea’”’e 3Is Feamea : 2(4l2] ¢
-Feature1: V1, Va,Va ""'“‘

- Feature2: V1, V2 Vs
- Feature3: V1, Vs

Parallel SOM Training & Classification
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