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Abstract

The decision tree approach is most useful in classification problems and to divide the
search space into rectangular regions. Decision tree algorithms are used extensively for data
mining in many domains such as retail target marketing, fraud dection, data reduction and
variable screening, category merging, etc. CHAID(Chi-square Automatic Interaction Detector)
uses the chi-squired statistic to determine splitting and is an exploratory method used to
study the relationship between a dependent variable and a series of predictor variables. In
this paper we propose CHAID algorithm by cube-based proportional sampling and explore
CHAID algorithm in view of accuracy and speed by the number of variables.
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7 gAlel o 49 ackehd e 2t
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FE 7 HEdd AEES FH57] st 7 HolE ¥R CubeE AT
<cfquery name="serch” DataSource="#DB#">
Select #Prediction_vars#
From decision
</cfquery>
<cfloop query="serch”>
<cfset num = #Cube_lavel#*#Prediction_var#>
<cfquery name="insert” DataSource="#DB#">
<cfinclude template = "Cube_create.cfm”>
</cfquery>
</cfloop>

(Al 2 2A4] AEH

a2

HHEY E20eS AT F 4 4585 3 glolg A71E A
g dHelee JAEAYT 4 28F D

AAED. dndFEL &3 2o

gt v g3 NEY
BZ xﬂ;m;]uq AZAU B golg= o dAdA

<cfquery name="distinct” DataSource="#DB#">
Select distinct(lavel) as number
From #Data_Base#
</cfquery>
<cfloop query="distinct">
<cfset proportion_num = Round(#proportion_number#)>
<cfquery name="serch” DataSource="#DB#">
Select #Prediction_var#
From #Data_Basc#
Where lavel = #number#
order by RAND() LIMIT #proportion_num#
</cfquery>
<cfif #Prediction_var# neq null or 0 or #Prediction_num#>

<cfinclude template = “reject_data.cfm”>
</cfif>

</cfloop>
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<cfinclude template = “delete_partition.c
<cfloop index = i from = 1 to = #ArmayLen(prediction_varj#>
<cfset partition = ArrayNew(3)>
<cfloop query=tsize#t>
<cfloop index = j from = 1 to = #target_size#>
<cfinclude template = “create_partition.cfm”>

</cfloop>
</cfloop>
2
<cfset chi_value = S(—L———‘l—>

01}
<cfset df = 2 * (#size.RecordCount#-1)>
<cfif #chi_value# gt #Evaluate("chi_statistic[#df#]")#>
<cfinclude template = “insert_Qvalue.cfm”>
</[cfif>
<fcfloop>
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<cfquery name = "tree” DataSource="#DB#">
select node
from #partition#
order by s_value desc
</cfquery>
<cfloop query = “tree”>
<cfinclude template = “sub_partition.cfm”>
</cfloop>
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<cfloop index = “n” from = 1 to = #sub_size#>
<cfset partition_sub = ArrayNew(2)>
<cfset category = ArrayNew(1)>
<cfinclude template = “create_node.c
<cfinclude template = “sub_partition.cfm">
<cfloop query=#size#>
<cfloop index = j from = 1 to = #ftarget_size#>
<cfinclude template = “create_sub_partition.cfm”>
</cfloop>
</cfloop>
2
<cfset chi_value = Z’-—(L;_U—’z)—>
v
<cfset df = 2 * (#size.RecordCount#-1)>
<cfinclude template = "Annexation.cfm”>
</cfloop>
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<cfif #chi_value# gt #Evaluate("chi_statistic[#df#]"}#>
<cfset index_2 = #index_l#-1>
<cfloop index = "“in” from = 1 to = #index_2#>
<cfif #q_value_sub[1][in]# eq #ArrayMax(q_value_sub[1])#>
<cfset array_list = “#q_value_sub[2][in]#">
<[cfif>
</cfloop>
<cfset category = ArmayNew(1)>
<cfset new_category = ArrayNew(1)>
<cfloop index = "id” from = 1 to = #listLen(array_list,’/")#>
<cfset category[id] = #listGetAt(array_list,id,”/"}#>
<cfset new_category[id] = #listGetAt(array_list,id,’/")#>
</cfloop>
<cfelse>
<cfbreak>
</cfif>
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