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Abstract

Data mining is the method to find useful information for large
amounts of data in database. It is used to find hidden knowledge by
massive data, unexpectedly pattern, relation to new rule. The methods
of data mining are association rules, decision tree, clustering, neural
network and so on. Association rule mining searches for interesting
relationships among items in a given large data set. Association rules
are frequently used by retail stores to assist in marketing, advertising,
floor placement, and inventory control. There are three primary quality
measures for association rule, support and confidence and lift. We
analyze Gyeongnam social indicator survey data using association rule
technique for environmental information discovery. We can use to
environmental preservation and environmental improvement by
association rule outputs.
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o Ho A 5o WAE ZASHUA T B AFY & Folv WHE AU
At
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B FHo 8 W riedt 4ddME QB TS o8 Aw BY 2
32 71&d & 5HN 2ES der)

o3l
™

ol
o

s
R

o f g ol
R®o2
e

o
X

|

F



Environmental Consciousness Data Modeling by Association Rules 117

2. 984 w94

A8 Tt (association rule)2 F&E oz EEH EWAMAA Z FE7H9
AL WGt TR oERA, 72X LE g AAE HAk AAER oA EWH
ALE 7HAE $5 JFgee ZE JFEY WY &5 JAFESL Folyo] I
Aste dARZ o] FoRTh, HAFEAZANA SFHEAIE “o"9} “of] Q9]
o8 7Y £ X Y7 ot & o, 4#4Y 7HL £ XE "9'g &
TZY = "d'E SFEdde AL guisge Aoz g o] EdHLH
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X =Y
(if X then Y : %d &% X& "q"2 SH3¥
doud F8 Y "d"E FHE3)

A#FEE HrsleE 71Fo e A A E(support), A3 E(confidence), A E(lift) 5
o] At}

AANE : S(x»p=PXNY)
QA Ciroy =AY Ix) =-BXOD

A4 TEHL 98 1A 7EE AEE F ey, FHAM dFE= dolge #
o] uwel B dABA  F3F(boolean association rule)d AFH ABAY T73F
(quantitative association rule) 2.2 Yo} zt} & o] X dlolElo xY Fd w
2 1219 484 7 H(single-dimensional association rule)® TExY QB4 T3
(multi-dimensional association rule). 2 W¥rolAlw, F&d X3E 89 FFd
me 3 F£F AHAA 73 (single-level association rule)® © +F AWV 73
(multi-level association rule)2.2 EFEC. £ durAA dAA 73 olgd A
4 A §8& AFgd wet &x d#A 71 F(sequences association rule)} H] A #
A T3 (dissociation rule)22 UFolAt}, AdBFEL Agrawalol] o3 AL AN
%, diojg o]l AN 3+E Fo|AY, F71Y FAY FAE g T ¢HY ¢
A FEo] HRHO gt dFTHE GAlsle EAE VE2Hez vy AA4D F
A AAE o]ge EHdAA AANEE /IR E F5IFEY EE AFEQY 6L =3
= (large itemsets)S FolWo da#A7EE e QAR o|FAAY. AB7H
d3n &L dolguo] oA sidYutdl(concept generalization)ol] Ar#glo) 73 F
AAE BAstE b 24L& ¥ Apriori, DHP, Partition, Sampling, FUP, DIC $°] &l
. ol F 714 WEHQ Apriori €3 FLS F GAE FAH A R WA G
Ae k-FEIFS AAN7 A8 k-1 F5 JFS A2 2¢std FRFJEAYFGLS
A eE dAlelv(join step), I TS SAE AANE £X FE L goz F
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A, AE7F A=, 714 2447 AR E Hd AAE, HLAHERG AL
e 7MIAE FE JFL /XA 7] (prune step)H 2 AA FE Aol diF) o] AAHS
AR HFAHoz A AVAHE /IR A4 THE A S Apriori 31 F
oA AHg3tE M Fad TAL ARSI B2 59 YY) EE FE JEE
o HNESFTE 2oE AHdoI,

E=E(D),
2| A X Xl & {min_suppor
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2SS0 U8 UK A |
(2823 44)

PRSI YES

EUE S+ <=FUYS >

NO

URRSTUYHA 42 A

AOE AT >= H2MUAL

o0 Y= @y R

HH

<a¥g 1> Apriori €38 F

3. 484 w3y 233}

B FHoAME 2002d AAEGE ALE A ERA A2Y $RFBE BE Uiy AF
A FHe ¢4nEld F Apriori ¢nE ¥ wWote] distd rigstnz ot
A FHe AL 938 SPSSS Clementine 10.08 AMgdgon, AAA 73
AL % 283 AAHFL <29 2>9 Zr)
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<¥ 1> A8 =
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g A4 B 3Z3BE, A75AE &4 £, JdTE Y
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El R I e

SERCE:
QU FHE A skl AYASS FYATE ARV FPAFE @
A9 Bae MY AgAsol B4 Bae dAwn

3 Az B

Yy AHAFNE FAAEY BYYsL AR PUSHE FHE AHAA ¥
o B 79 Bl AR F¥ 539 sgeln Any Ao dd 4 =
g9 W7k £ FL3A7) Mg FARES) 2YW7 ARE A 12, 122 F@wh

H AgAS AF 2R

#ATA T tistel B4 TR BARE Yolny) Asd A5 AL
& Aol Ak BPAT AF7t How Auy FH 2y FYEE sy
gul e FHE ol RE & A3, APAF AF Bow Be FHE A4
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