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¢ = min(result,, result,, ..., result;, )

Input: D
Input : Kmax. N
Output: N—most interesting k—itemsets for 1<k<Kmax

(1) result, = interesting k-itemsets2l Zt0ICtH result;, =0 2
2 x|t
(2) HIOIEIHIOIA D A2H5tD 2 & =22 AXEE =0
(3) L& Xt= O HEE =22 sorted-list2 CHECH
£ 2 2Fe0
462253: :£II1W2§:O
“null" 2l 01E22 AMEGHA JtXIE BHELH

NFP-build(T, D, sorted-lit, g) HAE &5

(
(5
(6
( < NFP-min(7, @ ,¢.6,.6,,..£,, )

)
) FP—treeZ SHECH.
)
)

7) resulty, resulty, ..., result),

8 6 Main Algorithm

8 82 Ecl =0 fIst &el&0l11, 2
A2t IHE S EMEH)| fst €1 IEOIEP 33' 49]
CIOIE HIOIAE JIBICZ N2 5, K,,.= 30/t Jt&
ot, 1-&=2¢& &0l {a8, b8, c6, d:6, e:4, f4}=
=0 L= 401 S0 US BIes 2-a¢sE8Es
2 {cd:5, ab:8, bd4, bc:6, ad:6}0l &1, &= 50t
EC Oz 520 o 2 XANANZ0 26K &
=0 2IM E=C.
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NFP-build(T, D, sorted-list, &) a5
(1) AXE =€ o BYE 1) BSHCS| 2AE e 5 3
(2) FP-TreeZ HI0IE § 25
For each transaction, Trans in D & ’ 2
if selected-list2H0ll A= S22 P& E Trans 01 H % p L = = = u
{ E o5} -~y ——+——+—
(2) 222 AXNEoet =SS ZL6t1] AEIEHTH; 0 ‘ ‘ ‘
(b) Let[il /]2 TransQH0ll 1215 &2 2| AES MBS, ° 10 s 2 »
=3 UM LeIHEO D I=elAEN Y2 YeIHEOICH; N
(c) Inset_ NFPtree([i|/], 7) E5; ‘ Aprori Algorithm —— FP-Algorithm —e— NFP-Algorithm ‘

}

Inset_NFPtree([il 1], 7)
(1) if T has a child C such that C.item-name - i.item-name then {
Co =5 14 ZItAIZICH;

telse{
(@) M28 =S 2 DIEC}
(b) =SS0 14 Hatot) SS9 &M &3 T28HCH;
(c) =22 =& 2 3= node-link structure. Z £ E &3 0|5
Ol &M &3 &tk

(2) if 11is non-empty. invoke Insert NFPtree(/. C).

& 7 NFP-tree building

NFP-mine(Tree, a, £, &1, &
{

if Tree contains a single path P

£k|nax)

(1) then for each combination , (3, of the nodes in the path P do
(a) generate itemset (31|« width support = minimum support of
nodes in (3
(b) if €\ﬂuu| = support
then insert Bllc resull| g, |5 update §| 5, |; update 13
if necessarya
(2) elae of each

(c) generage itemset

(b) construct J's conditional pattern base using £ and
then ('s conditional pattern base using ¢ and
(c) if Tree,= @ then NFP-mine(7ree,, B, &,&,,&, -

s gkw,\)

}

J& 8 NFP-tree Mining
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2 AR HAEC WOIEHM HSE 91,1269H2 Q&A
HAIE otOll U= EIAE HIOIEE JIXILD AE6H
Ct. O& 92 K, 2t 4L Apriori® FP-Algorithm
It NFP-Algorithm & H2t& IHE S F=&ol=0 42
ot AlZt2 20=1 RUCH =, NFP-AlgorithmOl
Apriori®t FP-Algorithm ELCH A2 AI210] S8 &

T o= -
=10 ACH.
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2 |37 9 ¥4
3 | 10 |k
4 |5F 11 |3
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6 |oHH A 13 |a
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