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Soft-computing Method for Path Learning and Path Secession Judgment
using Global Positioning System
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Abstract — It is known that Global Positioning System(GPS) is the most efficient navigation system because it
provides precise position information on the all areas of Earth regardiess of metrology. Until now, the size of GPS
receivers has become smaller and the performance of receivers has become higher. So receivers provide the position
information of not only static system but also dynamic system. Usually, users make similar movement trajectory
according to their life pattern and it is possible to build up efficient database by collecting only the repeated users’
position. Because position information calculated by the receiver is erroneous about 10-30m within 5% error tolerance,
the position information is oscillated even on the same area. In this paper, we propose the system that can estimate
whether users are out of trajectory or in dangerous situation by soft-computing method.
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Table 1. GPS receiver general data format
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Fig. 4. Learning Process
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