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A Dynamic Recommendation Agent System
for E-Mail Management based on Rule Filtering Component

R -
(Ok-Ran Jeong®, Dong-Sub Cho™)

Abstract — As e-mail is becoming increasingly important in every day life activity, mail users spend more and more
time organizing and classifying the e-mails they receive into folder. Many existing recommendation systems or text
classification are mostly focused on recommending the products for the commercial purposes or web documents. So this
study aims to apply these application to e-mail more necessary to users. This paper suggests a dynamic recommendation
agent system based on Rule Filtering Component recommending the relevant category to enable users directly to manage
the optimum classification when a new e-mail is received as the effective method for E-Mail Management. Moreover we
try to improve the accuracy as eliminating the limits of misclassification that can be key in classifying e-mails by
category. While the existing Bayesian Learning Algorithm mostly uses the fixed threshold, we prove to improve the
satisfaction of users as increasing the accuracy by changing the fixed threshold to the dynamic threshold. We designed

main modules by rule filtering component for enhanced scalability and reusability of our system.

Key Words ‘recommendation agent, rule filtering component, dynamic threshold
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IRuleFilter

{

HRESULT SetDBOpen(BSTR bstrDBConnect, BSTR
bstrDBID,BSTR bstrDBPW);

HRESULT MergeMail(BSTR bstrID,BSTR
bstrRuleName,BSTR bstrMailData);

HRESULT CheckFolder(BSTR bstrID, BSTR
bstrMailData,[out,retval] BSTR *pRet);

HRESULT CheckFolders(BSTR bstrID, BSTR
bstrMailData,[out,retval] BSTR *pRet);
|7
SetDBOpen(DBOPEN, DBID, DBPW)
MergeMail(ID, RuleName, MailData);
CheckFolder(ID, MailData);
CheckFolders(ID, MailData);
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