20048 ¥ & MO BSUSI(CICS 04) =2%

MetEa EHH © X CharA

AITESo|E

SAl Alds2Y 2y o
Hogzo 28

Genetically Optimized Fuzzy Polynomial Neural Networks Model and its
Application to Software Process

olQlel’, WrE AT, oA, ey HT
(In~Tae Lee, Ho-Sung Park, Sung-Kwun Oh, Tae-Chon Ahn)

Astract - In this paper, we discuss optimal design of Fuzzy Polynomial Neural Networks by means of Genetic
Algorithms(GAs). Proceeding the layer, this model creates the optimal network architecture through the selection and the
elimination of nodes by itself. So, there is characteristic of flexibility. We use a triangle and a Gaussian-like membership
function in premise part of rules and design the consequent structure by constant and regression polynomial (linear,
quadratic and modified quadratic) function between input and output variables.

GAs is applied to improve the performance with optimal input variables and number of input variables and order. To
evaluate the performance of the GAs-based FPNNs, the models are experimented with the use of Medical Imaging

System(MIS) data.
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Total lation size 60
Selected population_size 30
Crossover rate 0.65
Mutation rate 0.1
String length 3+3+30
Maximal no. of inputs to be 1<i<
selected(Max) Max(2~5)
L polynomial Type(Type T) of the .
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o Membership Function(MFs) type Trimmaular
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