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4 _ Kernel Possibilistic C-Means(KPCM)
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Kernel Possibilistic C-Means Clustering
Step 1. Initialization of the membership

(Using FKCM Algorithm)

Initialize random k center Vkx and m , 0%

Compute the initial membership u;i'";

Step 2. Minimization of the objective function

(Kernel Possibilistic C-Means Algorithm)
Compute d*(X, V) using (6),(7),(8),(9);
o : Calculate 1; using (12):
Compute un”) using (11);

Update d¢*(X, V;) using (6),(7),(8),(9);
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5.2 Ring Data with Noises
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(c) result of FKCM (d) result of KPCM
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5.3 T-Shape Data with Noises
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