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3.1.1 Penalty &

Penalty S&2 4% 49 A% FTE L3FE=E AMOICH
(D&, (D=2l 20l feft center right Ml M xEE S
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2 wHol 2Adl S0 OIRUHECH g = && WHE-8 2
Oitct. (d = 0.005)
(SHH 1) orop, Qudgt x0ff ek x S center 019,
center’ = center + d, left’ = left + d
(S 2) oo, UG «Of CHEH x > center OIS,
center = center ~ d, right’ = right - d

BB - < onwil]

cenier’ = center+ d
i’ =left+d

@;f

left © cenier  right k_n@ cenier’ right’
[D3 1] 428 A= B9 Penalty A&t H& (1)
ﬁflfx>cemg

cerder ' = cerser-d
right’ = right-d

keft cener @ right left’

center’ @ right’
(D3 2] &2 &% 849 Penalty §b B (2)

3.1.2 Reward 24+
Reward &2 4% 849 A& HTF 20FE= HAM0ITL
[D23], [2&4] 20! jeft center sight Al JHS xXHE &
HE AUEIE A% B0 FOHES I, A% g OUSH
22 WE0l s 501 OIR0ICH
(SHA 1) orer, A X0l e x < center OIS,

center’ = center - d, left’ = feft - d
(A 2) orer, i2dgh xOll CH8) x > center 01T,

cenler’ = center + d, right’ = right + d

w{x.ﬁcm!

center’ = cenier -d
left’ =Lfi-d
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PR———

H : H i
keft Q) center right ift’  Qcenter’  right’

[D# 3] Aial@ A% &840| Roward S8 AR (1)

BEit x> coner®

center’ = center + &
right’ = right+d °,
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[2& 4] AMCIZIE A% 840 Reward BI&H HE (2)

3.1.3 Coverage 14t

2 B0 OB 85 £8 A, FOA 2 OIS B
g & As WA R0 XK Y BRI M = U
Ch. [D&5]9 200 243 HIOIEE® T3 £ A= HX 7
Ol EXHoIXI %2 B0 Coverage @ B}

Coverage SIMI2 M22 48 B4-8 MHSE
2 HIOIEE® M2 A% 849 = KT ASE 810 &
2t AL S8 MHBC CoveragelidlE SHESRM
&AL 2o NEEB AEUI EHE HAWFO0F =
BE HZBE & UCH Coverage G4 SfdiA MAHClE
b0 Ml BB left, center, right' = TS &0 DL

guaez,

b [0 B
W=

< center' = x, left' = (center + right ) | 2,
right’ = ( left0 + center0 ) | 2

kft center kfr’n‘gﬁtﬁf left  right’ceniery rightt
[J& 5] Coverage Pi&t Mg

3.2 HX 33 EdE Ol88 Xa £

HXl @8 Ecl(Fuzzy Decision Tree : FDT)&= 2H2 8 A3
MASHE FE E2| Md 0230 103 LM HIS ==
I HYEg S ECE M4 & UTE HEE 9HO
2 A2 MEH, MHGE A £, M4 2 7YY TH
o] 4D 2P 250 BIOICHT). HX FE Eles HIH
& “CS(nonterminal node), =¥ 4«=(terminal node), 3
(link)2 PHSI0 AUTH BISY S= BIE A8 48 It
AD A2, ¢ LS= SHA Eib CFE tX2 JUTH =
Z9 LS AOIE 9g@dl= @3d= S40) 8 A% 48
LHEHHEH, ® =20iME = £9 Oolsial) g0 FsTIt
=2 HX 738 =8I A PRC Learninglll s &&E
A% @48 HA 28 E2i0 I8,
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HI 0¥

Error Correction i 85 rror Correctionfl
Method (4] [ERSHNNESRRRER  Method [4]
Ak | a® | o8& | A& | 2% | 2% | 4% | 4%
g | e las we | ws | Ba | e | wa
20 3N 2 3N 2 37k 23k 3N

®420 | 66.7 | 96.0 [95.33}97.33F 66.7 | 95.33 [ 9533|907 33
&4300 1 66.7 | 97.3 [95.33;07.33F 66.7 | 95.33 | 94.67 | 96.00
*44N | 69.3 | 96.7 [94.67|97.33) 70.7 | 95.33 1 93.33 | 07.33
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[B1]8 Sl tris GIOIE{Ol CHEIK PRC Leamning 280l 28
29X dHEl SSNUE & & AYYACH. [27]IE s Ol
S =4 4B 2F AB8I0 PRC Leaming Y& HES
e O, WY (petal)D A0I(13) S48 BYIE= HGE A%
848 LIEIUCH

[ retallengh SHEDA AT 2R BF |

uix)

ISP ST O RPN, » M, 2 A% | 22F
o PP SIS i
hrosi A e S SN > M, 9 A% B0 J2F

[O#& 7] PRC LearningOfl I8 SigS 4% 84
[H2]E= 2 =20iA Motdie stasl A% 848 HI 23
E2iol HRBSte= FN2SB8 s, Wisconsin Breast Cancer,
Pima, Bupa GIOIEI0I M8t &8 FUOICH =I| 4% &=
3B AIRBBASD, 10 fold cross validation2 2 A& SHRACH
[H3]2 lIris, Pima, Bupa CIOIE{® OI83I0 C4.5, FID 3.1 &
DeIE[6]0 HEE SHEEN tree sizel [H2]0AM A&
el olWst ZHOICH [H3)OA 2 4 UKO0l s CIOIE O
HellMi= B =20lHd Hetste el&0ol C4.5, FID 3.101
B3t 2R &0 |1, tree sizedt O 2R BDH 0135 2
2 nieg MH% = UYL Pima, Bupa GI0IEI= C4.5, FID
3.1 2280 HIg 2882 X2 =X tree sizedt B3
AN EAD, ZARI B AL £t Ho AL@SHH Ol&lst
Jl 48 HA 38 MO £ USE & &= UACH
[B2) BEE A% gl B 33 S2i00 ZBO 48 AL

HOIEHY —
RS BRE | tree | XRE | tree
(%) size (%) size (%) size (%) size
Unseen
Data 96.20 | 4.0 | 9590 | 7.0 | 74.00 | 10.50 | 68.20 | 15.40

(H 3] ¢4.5, FID 3.11} HQHSt JD3IFWO| RV tree size HID

C4.5 (6] FID3.1 [6]
glolE &
BRE(N) | tree size | RRB() | tree size | ERA(N) | tree size
Iris 94.00 5.0 96.00 5.0 96.20 4.0
Pima 74.70 45.2 75.90 23.1 74.08 10.5
Bupa 67.90 3.4 70.20 28.9 68.20 15.4

EIBCZ Jis GIOIEHE AHIIUS W MasE= A0IC o
HE AN MEE short, medium, long2 M Q! HEE
METOL 2B

- If petal(f3) is short(0.0,0.06,0.63) Then setosalc!) CF:1.0

- If petal(fd) is medium(0.225,0.42,0.7) Then vesicolor(c2) CF:0.97
- If petal(f3} is long(0.6,0.895,1.0) Then virginica(c3) CF:0.973
PRC LeamingOll 28H & A= B8 HX 23 E2/0
HIBE O, HX Z2F S22 K 42 6, ;B RS
2 BEEY HX A3 =8B IR & UASS ¢ = AN

Ctse sise 44 #+8 HX T S0 HESt= &2
o

Ct. [B4ls 2t &8 CIOIE0N ol TX 2E Ec d4 Al
AEN ALZSE O g8 20HEC.
[E 4] HX &3 E2l A8 A O &4 2

wi "
ciolEel® Iris 1sconsin Pima Bupa
Breast Cancer
0.4 0.1 0.1 0.1
0.9 0.8 0.8 0.9
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B as ZFAQ U8 25 ¢NelsY A% U8 s ¥
UE O, Hore LNelEM Ad MEHE HA A2 3
o £J} N2 S8 TASI BL R HEDt 226N
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2 22880 2RE0] X2 XNotEl= 2HE0I URUCH
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Ad 40 £03 KULHLZ JIOGss £ R =B 8
017 ¢t i)} EQRBIH, 2ERB0I =B A tree sizeB &
2 4+ USE ADC|S S S R0l B
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